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>>> from sklearn import neighbors, datasets, preprocessing
>>> from sklearn.model selection import train_test_split
>>> from sklearn.metrics import accuracy_score
>>> iris = datasets.load iris()
>>> X, y = iris.datal[:, :2], iris.target
>>> X train, X test, y train, y test=train test split (X, y, random state=33)
>>> scaler = preprocessing.StandardScaler () .fit (X_train)
>>> X train = scaler.transform(X_ train)
>>> X test = scaler.transform(X_ test)
>>> knn = neighbors.KNeighborsClassifier (n_neighbors=5)
>>> knn.fit (X_train, y train)
>>> y pred = knn.predict (X test)
>>> accuracy_score(y_test, y_pred)
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>>> import numpy as np

>>> X = np.random.random((10,5))

>>> y = np.array(['M','M','F','F','"M',"F','M', 'M', 'F', 'F', 'F']
>>> X[X < 0.7] =0

WRES N E LR

>>> from sklearn.model_selection import train_test_split
>>> X train, X test, y train, y test = train test split(X,

Y

random_ state=0)
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>>> from sklearn.linear model import LinearRegression
>>> lr = LinearRegression (normalize= )

ZRmEN(SVM)

>>> from sklearn.svm import SVC

>>> svc = SVC (kernel='linear'")

FhER DL H

>>> from sklearn.naive bayes import GaussianNB

>>> gnb = GaussianNB()

KNN

>>> from sklearn import neighbors

>>> knn = neighbors.KNeighborsClassifier (n_neighbors=5)

T B ¥ 31 ¥ b as

F 53 73T (PCA)

>>> from sklearn.decomposition import PCA

>>> pca = PCA(n_components=0.95)

K Means

>>> from sklearn.cluster import KMeans

>>> k means = KMeans (n_clusters=3, random state=0)

RS
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>>> 1r.fit (X, ) PETIBRS R
>>> knn.fit (X_train, y_train)

>>> svc.fit (X train, y train)

FUEFS)
>>> k means.fit (X_train) UEEIESER
>>> pca_model = pca.fit transform(X train) | ip&HELiasiiE

A

R
>>> knn.score (X_test, y test) iip{ﬁ%gimﬁ;i
>>> from sklearn.metrics import accuracy score FEATIRSS EBL
>>> accuracy_score(y_test, y pred)

P EFUEITERE
>>> from sklearn.metrics import classification report |¥5HRE. AMEIE. F1
>>> print(classification report (y test, y pred))|H#¥fkiFx

B
>>> from sklearn.metrics import confusion matrix
>>> print (confusion matrix(y_ test, y pred))

(EIPEEi Sty
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>>> from sklearn.metrics import
ean_absolute_error >>> y true = [3, -0.5, 2]
>>> mean absolute error(y true, y pred)
BHIRE

>>> from sklearn.metrics import mean squared error
>>> mean squared error (y_test, y pred)

R? %)
>>> from sklearn.metrics import r2_score
>>> r2 score(y true, pred)

BEERIEAT

TREZEBRE

>>> from sklearn.metrics import adjusted_rand_score
>>> adjusted rand score(y_true, y pred)

Eilag

>>> from sklearn.metrics import homogeneity score
>>> homogeneity score(y_true, y pred)

V-measure

>>> from sklearn.metrics import v_measure_score

>>> metrics.v_measure_score(y_ true, y pred)

X ILIE
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>>> y pred = svc.predict (np.random.random((2,5)))| FUMIRE
>>> y pred = lr.predict (X test) MRS
>>> y pred = knn.predict proba (X test) T‘%?ﬁjggﬁ$
o
FUETIES
>>> y pred = k _means.predict (X _test) FUNBREF LBNGRT
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>>> from sklearn.preprocessing import StandardScaler
>>> scaler = StandardScaler () .fit (X_train)

>>> standardized X = scaler.transform(X_ train)

>>> standardized X test = scaler.transform(X test)

TR IRD 70 ZEASE

>>> from sklearn.preprocessing import LabelEncoder
>>> enc = LabelEncoder ()
>>> y = enc.fit_transform(y)

i8N R SR

>>> from sklearn.preprocessing import Normalizer
>>> scaler = Normalizer ().fit (X_train)

>>> normalized X = scaler.transform(X_ train)

>>> normalized_X_test = scaler.transform(X_ test)

>>> from sklearn.preprocessing import Imputer
>>> imp = Imputer (missing_ values=0, strategy='mean',6 axis=0)
>>> imp.fit_transform(X_ train)
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>>> from sklearn.preprocessing import Binarizer
>>> binarizer = Binarizer (threshold=0.0) .fit (X)
>>> binary X = binarizer.transform(X)

>>> from sklearn.preprocessing import PolynomialFeatures
>>> poly = PolynomialFeatures (5)
>>> poly.fit_transform(X)

>>> from sklearn.cross validation import cross_val score
>>> print (cross_val score(knn, X train, y train, cv=4))
>>> print(cross val score(lr, X, y, cv=2))

a1

>>> from sklearn.grid_search import GridSearchCV

>>> params = {"n neighbors": np.arange(l,3),
"metric": ["euclidean", "cityblock"]}

>>> grid = GridSearchCV (estimator=knn,

param_grid=params)

>>> grid.fit (X _train, y train)

>>> print (grid.best score )

>>> print (grid.best_estimator_.n_neighbors)

BEN S

>>> from sklearn.grid search import RandomizedSearchCV

>>> params = {"n neighbors": range(1,5),

"weights": ["uniform", "distance"]}

>>> rsearch = RandomizedSearchCV (estimator=knn,

param distributions=params,
cv=4,

>>> rsearch.fit (X _train, y train)
>>> print (rsearch.best score )
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